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Development of a Framework for Statistical Causal Analysis Using Crowdsourcing
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i o In this research, we investigated fundamental technologies to analyze open
data using the ability of many people by crowdsourcing. In particular, we focused on the task of

analyzing causality but not correlation and developed a framework for analyzing open data in an
exploratory manner. Human knowledge was incorporated by crowdsourcing to discover candidate

variables that can affect causality. The elemental technologies and the framework were evaluated
using the open data of the World Bank and the Japanese government.
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