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Structuralizing and aggregating instances of abstract world knowledge
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We have studied core technologies for automatically acquiring world
knowledge which makes artificial intelligence smarter, such as causality, from large-scale textual
data. We also studied an abductive reasoner which predicts a new hypothesis based on observed facts
and world knowledge. Focusing on argumentative texts under such topics as "Should we invest in space

exploration?”, we developed a computational model to identify the relationship between a claim and
premise. We also developed a framework that can perform flexible reasoning by leveraging distributed

representations.
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Homework has little educational worth.
Studies show that homework adds nothing to
standardized test scores for elementary pupils.
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