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An Application of Deep Learning to detect Plagiarisms in Assigned Reports based
on the Style Model
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In this study, we have applied a Variational Recurrent Auto-Encoder (VRAE)
to detect plagiarisms in assigned reports. VRAE is preliminarily trained by using "expression
features' of reports submitted by students. Here, "expression features™ are a number of
punctuations, the location of new-lines, etc. VRAE learn a map from the expression features of each
students® report onto the latent space. Then, whenever a student submits a new report, we extract
the expression features from it and input to the trained VRAE, and estimate the author of the report

by chgg?ing where the report will map on the latent space. We test the proposed method and validate
possibility.
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