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The base project of this international cooperation project is on revealing
the complex joint effects from within canopy variations of structural, biochemical, and
physiological properties on reflectance. This project has set eyes on the coupling of both gas
exchange and radiative transfer models, which is the key to the base project. The collaborators of
the University of Toronto and the University of Alberta in Canada are both world wild famous
researchers with extensive experiences on both gas exchange models and radiative transfer models as
well as Lidar data processing and field monitoring using wireless network. By closely cooperating
with them, I have learned BEPS, 5-Scale, and LAl processing from fisheye images and Lidar data,
which have been applied in situ. Through the cooperation, know-how on applying hyperspectral
information on assessing canopy functions has been accumulated.
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