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For k-anonymization of stream data, we proBosed a k-anonymization method
based on & -FDH, which was an extension of FDH (Flexible Distance-based Hashing) for approximate
nearest neighbor search, and showed the effectiveness by computer experiment. We studied hardware
implementation of d -FDH, and developed a hardware engine for approximate nearest neighbor search.
The proposed engine realized speedup from 26 to 56 times in comparison with a software program. As
an expansion of FDH, we proposed MA-FDH, in which a number of anchor sets were used for approximate
nearest neighbor search, and showed the effectiveness by computer experiment.
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