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In order to maintain the quality of software systems with long lifecycles,
we have developed complex network metrics to evaluate the relationship between quality and

structural changes caused by derivative development and continuous integration. Then, we contribute
to autonomous software development by using machine learning prediction methods. First, we analyzed
the software structure using the metrics and measured the index values of the complex network in the
software before and after the modification. Next, we performed bug prediction by machine learning
using these metrics and confirmed its effectiveness. In addition, we realized an extended BBNN

technique for a fast design using an evolutionary method with metrics as the adaptive degree in FPGA
implementation with block neural networks.
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