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In order to realize autonomous ships, it is necessary to develop an

algorithm to properly evaluate circumstance around an own ship such as weather conditions, states of

relative ships and so on and to make a decision to navigate the own ship safely changing her course

and speed. In this research, an algorithm which can make a ship possible to navigate autonomously
considering various complicated conditions around a ship by introducing deep reinforcement learning
were developed. Furthermore, a model ship control system which can be used to evaluate the
performance of the developed navigation algorithm was also developed. The manoeuvring motion of a
model ship can be controlled based on information such as model ship’ s position, heading angle,
speed, yaw rate and so on.
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