2018 2019

Development of Innovative Auto-tuning Middleware With Deep Learning
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Dramatically increase of difficulties for tuning work caused by advanced
computer architectures, such as GPUs and many-core CPUs with ability of approximately 300 threads
execution, requires a method to obtain maximum performance of software without manual tuning works,
which is known as auto-tuning (AT) technology. On the other hand, technology of Deep Learning (DL)
is dramatically progressing in several fields. Although DL is one of AT methods, there is little
study for AT method with DL. Hence in this research, we have studied as follows: (1) Tuning
performance parameters for numerical libraries; (2) Developing an AT basic interface; (3) Adaptation

of super-computers.
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