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In this study, we proposed and developed a fundamental technology for
collaboratively utilizing various data resources that exist individually, while keeping the
respective data secret. Specifically, we attempted to extract enough information from each local
data by unsupervised learning and few-label learning, and to indirectly link them by open-set
federated learning. The results of this research have been accepted by top international journals
and conferences such as TACL and ECCV.
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