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WFZER IR DOBEE (3530) : In this study, we first performed RNA-RNA interaction prediction
using formal grammars. We then modeled protein secondary structures and developed a
fast algorithm for secondary structure prediction given protein sequences. Furthermore, we
presented an efficient algorithm for binding site prediction in RNA sequences, based on
binding profiles. All of these methods were validated on real biological data and achieved

good prediction accuracy at least comparable to that of earlier methods.
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