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We conducted research on efficient content retrieval and content
recommendation for users from vast amounts of content. Specifically, we addressed four research
topics: (1) song search based on the latent vector relationship between artists and songs, (2)
providing recommendation explanations for repeatedly consumed content, (3) music recommendation in
situations where multiple users listen to the same song simultaneously, and (4) investigation of how

and why people view lyrics while listening to music on smartphones, with applications to music
recommendation. In each research topic, we proposed novel approaches to search and recommendation
and presented the results in international conferences.
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