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This project aims to enable robots to recognize and handle various objects and
tools. The approach is based on the embodied/active perception of robot and prediction
of object dynamics. Concretely the project completed the following three themes by
utilizing recurrent neural network models and humanoid robots, such as (1) prediction
and recognition of environmental sounds associated with object dynamics, (2) selective
learning of self-body and other object based on predictability, and (3) tool-body
assimilation model. The achievements of the project could be applied not only to
engineering techniques but also to academic studies on cognitive science etc.
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