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Part-based 3D shape retrieval using multi-modal query
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3D shape data is utilized in diverse fields such as industrial product
design, visual content creation, infrastructure (e.g., roads) maintenance, and medical image
diagnosis. The goal of this research is an integrated, exploratory, and iterative approach toward
effective and efficient part/whole shape retrieval for effective and efficient management of 3D
shape data. Toward this goal, new methods were proposed and evaluated to address the following two
sub-problems: (1) 3D rotation-invariant 3D shape feature extraction using unsupervised or
self-supervised learning, and (2) 3D shape reconstruction method robust against input noise, missing
parts, or locally variable sampling resolution.
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