©
2021 2023

DNN

A Study on DNN-based speech synthesis to improve expressiveness of emotion and
speaker individuality

Abe, Masanobu

3,200,000

DNN

X-vector
TTS

Text-to-Speech TTS Deep Leaning Deep Neural
Networks(DNN

In DNN-based speech synthesis, we examined methods for expressing non-verbal

information such as emotions and individuality through two approaches. Approach 1 prioritizes the
transmission of emotions over linguistic information. After training with several hours of normal
speech data, the model is retrained with about 10 minutes of emotional speech. It was found that
this approach can synthesize emotional speech while maintaining the naturalness of human speech, and

it also allows for controlling the intensity of the emotion. Approach 2 reflects the emotions
contained in the input speech into the synthesized speech. After modifying the speaker®"s identity
through voice conversion, the emotional information is conditioned with x-vectors for TTS.
Evaluation experiments revealed that this approach can synthesize speech that reflects not only the
emotions of the input speech but also the intensity of those emotions.
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