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Evolutionary knowledge acquisition has been proposed in order to obtain rule-based
knowledge from numerical data. The main problem of this method is that huge
computation cost is necessary when we apply it to large data. This study proposes
parallel distributed implementation of evolutionary knowledge acquisition where both
a population and training data are divided into subpopulations and training data
subsets, respectively. The computational experiments show that the computational
cost can be drastically reduced without the deterioration of the generalization ability.
The effects of various specifications for parallel distributed implementation are also
examined.
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