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In this research, we took a new approach to automate feature extraction from
textual information of data item names. Specifically, we created a knowledge database focusing on
time series (datetime) features by using natural language processing and source code analysis
techniques for data item names and source codes in existing data science. Furthermore, we developed
a system that recommends datetime features from newly provided text information using the knowledge
database. For the feature recommendation mechanism, we improved the accuracy of word vectorization
by using one-hot vector and word embedding methods. In experiments, we confirmed the classification
accuracy of the knowledge database and applied it to actual forecasting tasks, such as house price
forecasting, to confirm the improvement in forecasting accuracy.
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