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Development of signal learning method by wavelet packet transform and
application in identification of working appliances by their current waveform
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To realize the low carbon emission society, the importance of the renewable
electric generator and power conservation is recognized. The EMS (Energy Management System) which
enables to actively manage both the power demand and consumption is focused. It is required to
disaggregation of individual electric appliances and to estimate the amount of power consumption. In

this research, we are developing a new algorithm to estimate the working appliances by using their
power current data. Firstly, we derived the theory of dyadic lifting wavelet for learning the target
signal and investigated statistical property of the learning parameters. Next we applied our theory
to ECG signal processing and power current data. In addition to above research, we developed the
prototype of the electric power saving system by sensor network.
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