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streams

Tajima, Keishi

9,800,000

The goal of this project is to establish the infrastructure for real-time
analysis of temporal evolution of graph-structured data, such as the change of user activities on
the Internet along the time, the temporal change of information flow on social networks, and the
temporal change of traffic flow on transportation networks. To achieve this goal, we developed
several methods for highly-efficient and accurate modelling of temporal evolution of these kinds of
data, and also several methods for prediction of their future changes based on these modelling
methods. For example, we developed a method of modelling and predicting the temporal change of
frequencies of appearances of some words that are conflicting with each other, and a method of
prgdicting structural changes of social networks that will happen after appearances of some new
nodes.
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