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Extraction of latent structure by sparse modeling

Okada, Masato
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The sparse modeling team (BO1-2) sets three tasks. Task 1 is applications of
Bayesian spectral decomposition method to actual data. We developed a noise variance estimation
method and a fast calculation method using L1 regularization and verified its effectiveness with
actual data. In task 2, we developed a basis estimation and selection method using Sp-DMD for time
series data, and applied it to actual data and verified its effectiveness. In task 3, a method of
evaluating the appropriateness of the basis combination using an exhaustive search was developed,
and this method was applied to actual data and the effectiveness was verified. Through research on
these three tasks, we developed a universal method to extract latent structures using SpM and
verified its effectiveness by actual data.
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