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Research on construction and apﬁlicqtion of high discriminative speech feature
space using heterogeneous speech units and multiple languages
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This research aims to improve speech recognition performance by enhanced
discriminative ability on speech feature space using heterogeneous information.
Due to most speech recognition systems by recent deep Iearnin% techniques are constructed on the
basis of a single speech unit, speech diversity cannot be sufficiently modeled even with enormous
speech data. As a solution to the problem, we adopt a sub-phonetic segment unit which is a temporal
extension speech unit and is completely different from the conventional contextual dependent speech
unit.
We confirmed that the proposed high discriminative speech feature space based on heterogeneous
speech units is effective on a wide range of speech recognition systems; from conventional
generation models to leading-edge deep learning models.
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