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We can recognize that almost of social problems are represented by function

minimization problems(FMP). This function is expressed as the square of errors between the predicted
values and the observed values, or the distance between the entropy of the real probability
distribution and that of the predicted model"s probability distribution. FMP is the problem to
determine unknown parameters of predicted models to such an extent that the function has its minimum
value. In this study, we mainly investigated three optimization methods to solve FMP. They are
Genetic algorithms which are based on Darwin®s evolutionary theory, Ant Colony optimization which
simulates ants® behavior of searching for feeds between nest and foods, and CMA-ES which searches
for solutions based on mutation operations. Results of our C experiments say that they are good
optimizers to solve FMP. We are successively reporting our experimental results on the international
conference such as WCCI, ANTS, and ICMLA.
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