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development of bony lesion detection system for CT images and its clinical
application
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We developed a method to highlight bone metastases from CT datasets by using
deep learning. When previous and current CT datasets are inputted, the algorithm can detect both
osteolytic and osteoblastic metastases and output them. The algorithm is not a simple temporal
subtraction, but it detects abnormalities using the estimated change (and deviation of the change)
of the CT value both of which are calculated by a deep learning. Thus, the proposed method produces
less false positives. Thanks to this, metastases are clearly shown in the proposed maximum
intensity projection image, which helps radiologists to easily detect metastases.
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