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We developed methods of P1) gait-based age estimation, which have potential
applications such as gait video retrieval of suspect candidates by witness on age group for criminal
investigation and age group-dependent customer counting in a wide area shopping mall for marketing

research. Specifically, we constructed the world largest gait video database with age labels, and
developed methods of gait-based age estimation by age group clustering and manifold learning in
addition to recent deep learning-based approaches to gait-based age estimation. We also developed a
baseline and adversarial generative network-based approaches to P2) gait age progression/regression
modelling, which are potentially applied to gait aging simulation systems to promote health and
exercise.
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