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The recently major algorithm in computer go is based on the Monte-Carlo
tree search. The search method generates a large amount of playouts to obtain the best next move.
However, those playouts are rarely reused until the end. So, I proposed a method to get the best
next move by making game tree from past playout history. It was confirmed that the proposed method
can be applied to small problems such as tsumego.

I proposed another algorithm based on deep learning and playouts. Deep learning was realized by
multi-layer convolutional neural networks. Neural network is one of the representative methods of
modern heuristics. In the Value-MCTS, the search method did not use a win/loss of rollout proposed
by AlﬁhaGo, and instead substituted this part with playout. For node evaluation, not the UCB1 value
but the action value proposed by AlphaGo was adopted. It was shown statistically that the proposed
method is superior to the existing Go software if the parameter values are set correctly.
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