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Construction of acoustic library and species classifier of Japanese bats for
acoustic monitoring

Fukui, Dai
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A bat echolocation call library was constructed by collecting 1,400
reference calls from 30 species. These call files were converted into spectrogram images. By using
the Convolutional Neural Network (CNN), we aimed to develop a species classifier that is highly
accurate and robust against call variability and noise. The mean correct answer rate was 98.1% in
the 10-fold cross validation. As results of test acoustic monitoring conducted in Hokkaido, 169,240
bat calls were detected in June and 296,730 bats in July. The sample size is huge, applying the
classifier developed above to these is still in progress.
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