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Feasibililty Study on MR High-speed Imaging using Compressed Sensing
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In most MR scanning, image reconstruction is _executed by taking the inverse
Fourier transform of acquired signal. However, image reconstruction in compressed sensing requires
the choice of sparsifying transform function and algorithms for L1 minimization of cost function,
therefore, the obtained i1mage quality depends on those functions and reconstruction algorithms. In
this research, comparison of iterative shrinkage algorithm and ADMM (Alternating Direction Method of
Multipliers) in compressed sensing of phase-varied MR images was performed. Experimental studies
?howeq that the highest PSNR was obtained in ADMM combined with multi-scale sparsifying transform
unction.
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1 PSNR
( 40% )
method | SpaRSA | C-SALSA- Split
B Bregman
Model A| 27.96 28.07 28.15
ModelB | 26.82 27.00 27.04
ModelC| 25.20 25.30 25.32
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