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In this study, it is aimed to develope a method for building a landuse
database using the Web available map resources. Today, varias formats of map data is available on
the Web. In the meantime, it was decided to use Map tile data. And deep learning, which have
developed rapidly in recent years, was used to generate landuse data from map tile, and it is
developed a program for this object. The landuse data was building from map tile data derived from
old topographic map published by Japanese MapWarper. In further research, it is required to
determine optimal resolution of map tile and a coloration of map legend for constructing a highly
accurate landuse database.
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