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In this research, with the aim of providing appropriate learning support
according to each student by using educational big data, modeling of students® learning states by
machine learning method and learning support using such models were examined. Based on the students

data held by a university, usefulness of some modeling methods were examined by numerical
experiments. By using well-known algorithms such as Bayesian networks and random forests, the
transition of learning states were modeled and the prediction models of learning outcomes were
constructed, and modeling with a certain accuracy was shown to be possible. In addition, a modeling
framework based on the particularity of educational data in universities was proposed, and the
research results as general findings were summarized.
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