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This project focuses on the feature representation problems for graph
machine learning. By extending our previous work on sparse linear learning over the subgraph-feature
search space, we developed novel related methods such as decision tree ensemble learning over
subgraph search space, decision tree learning based on regarding the subgraph search space as a
trie, efficient learning by stochastic search over subgraph space, graph learning by subgraph
co-occurrences, compressing the subgraph search space by decision diagrams, dual graph convolutions
for a graph of graphs, self-attentive graph learning for molecular property prediction, and
user-edit aware generative graph autocompletion.
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