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Exhaustive detection of condition-specific splicing variants in non-model
organisms
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Alternative splicing is_a mechanism to generate more than one mRNA isoforms
from a single locus, and it increases the genetic diversity during post-ranscriptional gene
regulation. Furthermore, alternative splicing is often differentially regulated across tissues and
during development. It suggests that each splicing isoform may have specific spatial and temporal
roles in life system.

We have developed the differential alternative splicing variants estimation method. To assess
applicability of our method using RNA-sequence data for estimation of conditional-specific
alternative events, we used several RNA-seq datasets. We confirmed that the newest version of our
method could extract many candidates of condition-specific alternative splicing variants.
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