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Improvement of image quality in nuclear medicine based on artificial
intelligence approach
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Nuclear medicine images have the ability to acquire functional information
of organs, but have limitations when extracting detailed structures of organs.In this study, we
investigated the improvement of image quality in nuclear medicine images with low spatial resolution

using deep learning-based super-resolution techniques and a custom dataset that we created,
focusing on the recently highlighted field of research.
The results demonstrated the potential of super-resolution techniques to provide quantitative
information for the diagnosis of nuclear medicine examinations and contribute to improving
diagnostic capabilities. Additionally, the significance lies in achieving image enhancement solely
through software by capturing the multi-faceted process of image generation. This study has
identified new possibilities for artificial intelligence technology and laid the foundation for the
development of quantitative software in nuclear medicine image analys
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