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The purpose of this study is to achieve locomotion control of legged robot
as a hierarchical multi-objective optimization problem. With the establishment of this technology,
physical constraints and trade-offs can be explicitly considered, and animal-like natural locomotion

can be expected.
Three outcomes related to this study, (1) regularization technique that can continuously accumulate
learning results without forgetting, (2) policy with search ability to discover global optimal
solutions, (3) structured neural networks that facilitate modularization and hierarchy of knowledge.
By combining these techniques on a curriculum that sequentially learns locomotion of a quadrupedal
robot from the lower hierarchical modules to the upper hierarchical modules, we succeeded in
generating the locomotion on a simulation model of the developed quadrupedal robot.
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