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The aim of this project is to develop a recognition technology for producing
actions based on deep learning which has been mainly used in image recognition. We divide this
research project into (1) Navigation technology using language and vision, (2) Recognition of
environment and for generating robot trajectories and (3) 6-DoF object pose recognition and its
application to robot object manipulation. Several different types of inputs, such as 2D image,
bird-eye-view image, 3D image, were used to recognize objects and environments and then to produce
actions. In addition, we devised a learning-based navigation technique by combining visual and
semantic information. As a result of comparisons with the previous approaches, we showed that the
proposed techniques outperform previous techniques in terms of speed and accuracy. Finally, we
implemented a 6-DoF object pose recognition techniques based on deep learning on robotic arm systems

and achieved object grasping.
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