2017 2020

Practical deta-intensive approaches to materials sciences

Takigawa, Ichigaku

4,400,000

This study focused on developing the framework and best practices of machine
learning for materials sciences, in particular, the design and discovery of heterogeneous catalysts
for gas-phase reactions such as oxidative coupling of methane. We developed an effective input

representation of catalysts composition data that could practically improve the prediction
performance of machine learning models, the practices of applying ensemble models to handle
inconsistent training datasets from the literature, and the sequential experimental design by
model-based optimization to consider the exploration-exploitation tradeoff.
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