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Many side effects of drugs and inflammation reactions are the result of
drugs and other chemicals interacting with multiple receptors. An ideal safety policy would be to
test all chemicals against all receptors, but this is unrealistic due to expenses and limited
resources. As a result, there is a societal need to apply machine learning (Al) techniques which can

reduce the number of experimental validations required. In this research, we explored the challenge
of developing machine learning models for protein families involved in cellular regulation, namely
nuclear hormone receptors and metabolic CYP450 enzymes. Our results proved the ability to build
highly predictive models for these protein families. The methods developed in the research can be
used by regulatory agencies, and can contribute to reduction of risk on the human population.
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NHR IC50 Active Projection, independent executions
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