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Development of a motor learning support algorithm based on the functional brain
network analysis during cooperative motor learning
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When learning a new skill through unknown environment, it is helpful to have

an expert guidance. It is fundamentally based on the mutual interactions. From the perspective of
the beginner, one needs to face dual unknown dynamics of environment and motor coordination of the
expert. This inevitably involves the process of adaptation to the partner. Within a cooperative
visuo-haptic motor task, we asked the novice participants to control the virtual mass toward the
specified target under unknown external force field as an individual or with an expert or another
novice. Experimental results su?gested; (1) Peer-to-peer interactions among beginners to achieve a
common goal enhanced the motor learning most, (2) Individuals practicing on their own showed the
better motor learning than practicing under the expert’ s guidance. Regarding the adaptability,
peer-to-peer interactions induced higher adaptability to a new partner than the novice-to-expert
interactions.
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