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e RO (3530) : We analyzed some learning machines such as support vector machines
from the geometrical viewpoint. As results, we proposed a low—complexity SVM with
theoretical background and give an analysis to dual-structured learning machines and
self-organizing map. Information theory, on the other hand, revealed convergence
properties of reinforcement learning and is applied to pattern recognition problems such
as dissimilarity. Machine learning methods are also applied to human modeling such as
drivers assist systems.
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