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In the local tone mapping we have been working on, the parameters of this
process can be defined as the control points for spatial deformation, and we have found that it is
appropriate to use DCNN for low-resolution images to identify spatial objects and manipulate the
spatial and global control parameters for local functions in the tone-control function of this
method. In DCNN (using U-net), image segmentation by tiling was found to be effective, especially
for noise reduction (Poisson noise). In the case of tiling, it was found that the PSNR value was
maintained at 32 dB even for 11x11 image blocks and overlap 3 pixels.
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