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New Brain Machine Interface using prediction information in the brain
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We showed that vestibular electrical stimulation (GVS) improved the
discrimination rate in four directions: front, back, left and right. In addition, we examined the
electrode positions that were common to all participants in the experiment in order to discriminate
the four directions in the EEG measurement. As a result, it was found that the estimation with the
electrode position common to all experimental participants showed better accuracy than the electrode

position with high discrimination rate for each individual, when the number of electrodes was
small.

In addition, we tested whether the discrimination rate would decrease even if the intensity of the
GVS stimulus was reduced, because the acceleration due to the perceived motion was small in the
assumption of maneuvering a wheelchair. As a result, we confirmed that the discrimination rate did
not decrease even if the intensity of GVS was reduced to half of the initial level.
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