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Machine learning molecular dynamics (MLMD) is a new molecular simulation
method with high accuracy and low computational cost. In this study, we succeeded in the MLMD of
tobermorite minerals. In addition, we also succeeded in the MLMD simulation of kaolinite, one of the

clay minerals. These simulations revealed the physical properties of these materials, which the
existing methods failed to evaluate accurately. For example, the microscopic structure of the clay
minerals and the vibrational property of the atoms in the clay minerals were evaluated by the MLMD
successfully.
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