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Synthetic MRI allows the creation of arbitrary contrast-enhanced images by
setting parameters for quantitative values obtained by quantitative MRI, which measures T1, T2 and
proton densities. However, synthetic MRI of the brain had been performed only in 2D, not 3D. In this

study, we established the reliability of quantitative values obtained with 3D synthetic MRI in
order to apply them to analysis of gliomas. The quantitative values obtained with 3D-QALAS, which is
a sequence of 3D synthetic MRI, showed high accuracy and repeatability, and then were accelerated
by compressed sensing. We could accelerate the acquisition twice. In addition, 3D-QALAS was
introduced into four MRI machines from three different companies to confirm the reproducibility of
quantitative values. This study has established the basis for future Al analysis of glioma with
3D-QALAS because it is necessary to collect many different types of data and examine reproducibility
in order to perform diagnosis using Al.
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