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Answer Set Programming (ASP), derived from Logic Programming, is an approach
to declarative problem solving. We develop an approach to solving multi-objective optimization
problems based on ASP. We show the effectiveness of our approach by empirically contrasting it to
more dedicated implementations, through real-world problems such as timetabling.
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Table 7 Comparison of teaspoon with other approaches
Instance UD1 uD2 UD3 UD4 UDS
Best tea- Best tea- Best tea- Best tea- Best tea-
known spoon known spoon known spoon known spoon known spoon

comp01 4 S 4 5 = 5 8 = 6 9 11 19
comp02 12 =% 12 24 = 24 12 = 12 26 33 130 231
comp03 38 53 64 109 25 47 362 405 142 204
comp04 18 = 18 35 L 35 2 = 2 13 =% 13 59 >* 49
comp05 219 504 284 624 264 556 260 459 570 1081
comp06 14 = 14 27 = 27 8 = 8 15 S 9 85 88
comp07 3 e 3 6 = 6 0 . 0 3 =* 3 42 256
comp08 19 = 19 37 = 37 2 = 2 15 =% 15 62 i 55
comp09 54 63 96 169 8 = 8 38 50 150 196
compl0 2 = 2 4 e 4 0 S 0 3 = 3 72 73
compll 0 = 0 0 = 0 0 = 0 0 = 0 0 = 0
compl2 239 343 294 456 51 114 99 388 483 1135
compl3 32 > 31 59 = 59 22 50 41 111 148 > 147
compl4 27 = 27 1 = 51 0 = 0 16 >* 14 95 > % 67
compl5 38 53 62 109 16 22 30 68 176 254
compl6 11 . 11 18 = 18 4 = 4 7 = 7/ 96 438
compl7 30 == 30 56 = 56 12 =% 12 26 >* 21 155 352
compl8 34 48 61 81 0 = 0 27 46 137 228
compl9 32 =¥ 29 57 e 57 24 32 32 82 125 283
comp20 2 e 2 4 . 4 0 = 0 9 S 3 124 704
comp21 43 94 74 124 6 = 6 36 76 151 166
DDS1 38 = 38 48 ] 48 2393 6036 2278 = 2278 1831 4662
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Drive_Type 2WD | 2WD | 4WD || 2WD | 2WD | 4WD | 2WD | 2WD | 2WD | 2WD | 2WD | 2WD
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