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This research studied similarity search for data streams. In particular, we
regard the latest data in a data stream as an evolving set whose elements can change dynamically.
Then, we realized the similarity search for data streams by reducing the problem to the set
similarity search. In particular, we developed several fast similarity search algorithms that
measure the similarity between two data just enough to determine the search results, avoiding
unnecessary similarity computations. It is also our research contribution that we formulated two

similarity search problems for data streams.
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(mean + std dev.)

datasets MUTAG* NCI33 NCI83 DBLP

Graph2vec 83.68 +7.02 78.95 +182 75.90 +166 90.63 +059

GL2vec 87.63 +7.50 81.30 +2.17 77.29 +1.31 92.27 +o0.62
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