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The main challenges in signature verification are (1) improving verification
accuracy, (2) improving learnability, and (3) increasing language diversity. In this study, we
addressed these issues by (1) improving the performance of the combinational verification method,
(2) introducing a new machine learning method, and (3) introducing a signature feature extraction
method based on deep learning to achieve a highly practical signature verification method. Through
experiments using an international performance evaluation database, we confirmed that each of the
proposed methods outperformed the conventional methods.
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