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FDG-PET/CT

Quantitative feature detection from PET/CT images for personalized medicine of
cancer by using deep learning methods

Hara, Takeshi
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We attempted to automatically extract features related to the automatic
detection of malignant tumors on FDG-PET/CT images using deep learning schemes. The true-positive
rate of detecting abnormal accumulation in FDG-PET images was 80.1% with 12.5 false-positive (FP)
marks per case. The FP removal method using deep learning successfully removed 73.0 FPs per case
from our original approach. In conclusions, the image features extracted using deep learning were
expected to be applied to a diagnostic support system for automatic lesion detection in FDG-PET
examinations.
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