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The Basel accords, which aim to strengthen the soundness of the
international financial system, require banks to estimate various risks and accumulate capital to
cover them. This study was conducted to improve the estimation accuracy of credit risk of bank
claims, especially LGD estimation. The results of this study confirm the usefulness of nonlinear
models in LGD estimation. We also tested the effectiveness of transfer learning, macroeconomic
variables, and business history. We also conducted research on variable selection methods in LGD

estimation, which involves a large number of explanatory variables.
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