2018 2021

1-2

Development of Machine Learning Models for Classifying Physical activity and
Sedentary Behavior in Free-Living Toddler
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Deep learning

We recorded free-living activities of eleven infants, aged 16-35 months,
while wearing accelerometers. Based on these data, we developed and compared models that classify
the data into nine activity types using machine learning and deep learning techniques. The results
showed that the prediction accuracy was improved by adding gyroscope data, lag window data, and data

from hip and wrist worn accelerometer. We also showed the possibility of further improvement in
accuracy by using deep learning methods.
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