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Development of low power deep learning LSI based on in-memory computing
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We developed a machine learning algorithm suitable for in-memory computation
and evaluated its performance when implemented on silicon. Specifically, we proposed an image
classification algorithm that combines cellular automata and Bloom Filters, a probabilistic data
structure. Furthermore, through power simulations assuming a 65-nm CMOS technology, we showed that
the proposed algorithm can reduce power consumption by 50% without compromising inference accuracy
compared to existing methods.
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