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The three main results are as follows (1) Development of a learning formula
for the Ising model using tree-reweighted approximation: A new approximate learning method for the
Ising model was obtained and compared with similar methods.

(2) Development of a learning method for noisy-OR Bayesian networks using Neural Variational
Inference and learning: We developed a learning method for large-scale noisy-OR Bayesian networks
that can recognize handwritten characters.

(3) Study on video segmentation methods focusing on the difference between frames: We improved the

performance of a video segmentation model using deep learning by inputting the difference between
frames.
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