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What is the landscape that residents want? -Clarify with a landscape formation
support system using artificial intelligence
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This study aimed _to develop a landscape formation support system using
artificial intelligence that makes it possible to infer the landscape intention of residents. In
order to do that, we selected a deep learning model. Furthermore, we have developed artificial
intelligence that recognizes the emotions brought about by images. We have developed a landscape
formation support system that can infer landscape intention from the selected deep learning model
and artificial intelligence of emotion recognition.

Using Image Inpainting, a deep learning model, we attempted to create a landscape prediction image
without utility poles. As a result, we created a landscape prediction image in which the location
of the utility pole was harmonized with the surroundings and seemed naturally restored. We also
developed an artificial intelligence for emotion recognition from the images (GAPED,etc) with CNN.
Finally, we created a landscape formation support system.
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